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Problem Statement & Exploratory Data Analysis

Objective : Providing contextual search results by analyzing historical search patterns to
identify consumer interest and keywords and associate products with high value keywords.
Business Benefits : Improve customer shopping experience and better search conversion

Approach 2: Search-Product Pair Classification

The motivation behind model 2 lies in the robustness to new products without the need
for retraining and also to learn semantic similarity and popularity from the data.
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Figure 1. (a) Unsuccessful searches that do not result in any products (b) Products bought Experiment | Precision@3 Recall@3 Precision@10 | Recall@10 | Precision@40 | Recall@40
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The motivation for model 1 was to build a product recommendation model that is robust MLP with
. Ry Hierarchy 0.070 0.153 0.054 0.314 0.032 0.521
to unseen data (new search terms and products). This model uses semantic similarity

between embeddings of product metadata and search terms to make recommendations.

Figure 3. (a) Method flow (b) Example search results using MLPClassifier (c) Precision and recall

Figure 2. (a) Method flow (b) Example search results using TF-IDF+popularity

(c) Precision and recall of predictions at various ranks
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